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(R question) Consider the German Credit.xls data on Blackboard. This dataset contains
observations on 30 variables for 1000 past applicants for credit. Each applicant was rated as “good credit”
or “bad credit”. New applicants for credit can also be evaluated on these 30 “predictor” variables. We
want to develop a credit scoring rule that can be used to determine if a new applicant is a good credit
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risk or a bad credit risk, based on values for one or more of the predictor variables. All the variables
are explained in the document “GermanCreditVariablesDefinitions.pdf”.

Suppose that the cost of misclassification is not the same between the classes. In particular, the costs of
a false positive (incorrectly saying an applicant is good creit risk) outwiegh the cost of a false negative
(incorrectly saying an applicant is a bad credit risk) by a factor of five. This can be summerized in the
following “Opportunity Cost Table”:

Preicted
Good (Accept) | Bad (Reject)
Actual | Good 0 100DM
Bad 500DM 0

Use this information in the construction of a decision tree model. (To do this, you can use the “loss™
argument. in the rpart() function). Compare your model with a decision tree that does not use this
information. Do you observe any differences between these two models?




